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Automatic construction of estimation of mates
00 based on positions and effects of pieces

MakoTO MIWA |+ DAISAKU YOKOYAMA'*
and TAKASHI CHIKAYAMA

Constructing evaluation functions with high accuracy is one of the critical factors like the
selection of the fast search algorithm in computer game players. The selection of the useful
evaluation features is essential to construct evaluation functions with high accuracy. In this
paper, we generate evaluation features for evaluation functions in tsume-shogi problem au-
tomatically. We made the features from simple features, positions and effects of pieces. As
an evaluation, we constructed evaluation functions by using the single-layer perceptron and
the generated evaluation features. As experimental results, evaluation function using gener-
ated everal hundred thousand evaluation features was able to classify positions about 76% of

accuracy.
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